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How can network visualisations communicate evolving disinformation strategies to stakeholders, and the public?

We evaluated the efficacy of static & dynamic approaches to network visualization in a qualitative study with disinformation practitioners.
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October - December 2014: A nts created in 2014 use many hashtags in the
‘ 20 15 same bottom-right region, including #quote and #love.
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© Transcription and thematic analysis grouped responses into themes
=~ in light of benefits and challenges, faced while using the
7 wvisualizations, recommendations made for future visualizations,
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Activity between 2014 and 2018, Network to be viewed in 3 month intervals.
(Only 30 tweets contained hashtags between 2010 and 2013).

A proposal for an improved representation for DisInfoVis that

accommodates some of these characteristics is outlined in the » httpS//g iCeﬂtre N et/d |S| nfOViS

wire-frame below. Themes identified in our analysis are bold.
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relating to each key moment during the temporal network visualization used during a key moment
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