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Table 2: The detailed correlation results for out-of-domain attributes
experiment of CLIP, FontCLIP trained without using compound
descriptive prompts (CDP), and FontCLIP trained with CDP (Ours).

Table 1: The detailed correlation results for in-domain attributes
experiment of CLIP, FontCLIP trained without using compound
descriptive prompts (CDP), and FontCLIP trained with CDP (Ours).
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8 We provide the detailed statistics of the font retrieval task for Chi-

9 nese characters in Table 3. The results presented in Table 3(b) clearly

10 demonstrate that FontCLIP achieves higher accuracy with lower

11 standard deviation. This indicates that FontCLIP consistently per-
forms better in generalizing to out-of-domain attributes.

attribute name CLIP FontCLIP

“thin” 71.33% 78.87%

“calm” 61.44% 50.98%

“sloppy” 41.83% 52.29%

“sharp” 64.71% 69.93%

“technical” 35.29% 68.62%
mean 54.92% 64.14% 17

std 15.52% 12.08%

(a): Chinese characters with in-domain attributes

attribute name CLIP FontCLIP
“traditional” 49.02% 62.74%
“Japanese style”  33.33% 63.40%
“robust” 44.44% 67.32%
mean 42.26% 64.48%
std 8.07% 2.48%

(b): Chinese characters with out-of-domain attributes

Table 3: The accuracy of the pairwise attribute prediction task for
Chinese characters with in-domain and out-of-domain attributes.

2.2. Dual-Modal Font Retrieval and User Interface

To perform multi-modal font retrieval, users can use our user inter-
face as shown in Figure 1. This interface allows users to provide
reference font images, specify desired attributes, and adjust the style
weight w using a slider.
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Figure 1: The user interface for our multi-modal font retreival.
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